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Dissecting Biases in Relation Extraction
A Cross-Dataset Analysis on People’s Gender and Origin
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3 Entity Linking
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sex or gender: male

place of birth: Euclid 

We propose a methodology for the analysis 
of socio-demographic biases in the Relation 
Extraction pipeline, which is completely 
transparent in terms of interpretability.

• SREDFM (Huguet Cabot et al., 2023) 

• CrossRE (Bassignana and Plank, 2022) 

• NYT (Riedel et al., 2010)
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